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Recommendations Addictive TikTok

Ads Annoying or not, at least less so with real-time relevance

Personalization Mind reading in 2023, or at least it feels like it

Fraud Detection Alerting us of our suspect train ticket purchases in foreign 
countries 



I’m Zander!

Working on Bytewax -> github.com/bytewax/bytewax

Proud human and dog dad

This photo is me trying to look cool

You can find me in the Bytewax slack, or if you are in 
Santa Cruz, send me a LinkedIn and we can grab a 
coffee. 



Today’s Agenda

1. What and why real-time ML?
2. Building a pipeline to analyze streaming data
3. Building a real-time feature pipeline
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Google For every 100 ms of latency -> drop in search traffic of ~0.2%

Akamai For every 100 ms of latency -> a 7% drop in conversion rates

Walmart For every 1s of load time improvement -> a 2% increase in 
conversion rates

Staples For every 1s of load time improvement -> a 10% increase in 
conversion rate



Real-Time ML can be classified into to types:

1. Offline training with online serving
2. Online training and serving

Real-Time Machine Learning
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Streaming Data

https://docs.google.com/file/d/1es0A5wbJQLyA722OH0ib91Kl-obiMZCF/preview






https://docs.google.com/file/d/1ueo_wwYcdK7O8yw7cpjJ4kWr2GEGu7P5/preview
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https://docs.google.com/file/d/1KCvMu1zTU-OyVdJ2Tx6bWlIxHj87TRcC/preview


What is the next step to integrate this with feature stores for real-time ML?

With hopsworks you can register the features in the kafka topic and the ingestion into 
the hsfs will happen automatically. You can check out the tutorial in the logical clocks 
repo.

https://github.com/logicalclocks/hopsworks-tutorials/tree/master/integrations/bytewax



You can find the code used in the videos - 
https://github.com/awmatheson/guide-periodic-hackernews



bytewax.io
github.com/bytewax/bytewax


